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Appendix A: Characteristics of the Model’s Equilibrium

This appendix provides the mathematical detailsriokbtine assertions made in Section I.
All of the proofs are couched in terms of a twotgseeconomy (goods and services). Their
extension to the more complex N-sector case iggstifarward.

(a): Regardless of the cumulative distribution fuoetdescribing the paired drags(zs),
&=(dz /dm)(;z/z)>-1 [equation (4) in the paper].

Let Gjji(y|2) describe the conditional probability< y given thatz = z, i.e. the cumulative
distribution function ofz givenz, and letg;; describe the corresponding conditional density and
0i the marginal density &f. Then, withw = w; /w
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where, in cases where the domaing;@ndG;; do not include all positive real numbers | extend
them, for the purpose of the integration, by defyd; andg;; as equal to zero in the extended
region (and similarly for other proofs below). Wadhatgi(z)g;i(vz,|z) = 9j(z »z), the joint
distribution ofz andz at the pointZ,wz). Assuming this joint distribution has mass alen
positive measure of the ray with slapdrom the origin, we haveN/dw > 0 anddz; /dw > 0,

and it follows that
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+

Zi

@ %o
drz z,

>-1.

As noted in the text, this result is fairly obvious

For particular distributional forms, it is easydalculate closed form solutions for
illustrating the properties imposed by differergtdbutional assumptions. Thus, for the case
where thez are independent draws from fréchet distributioith wumulative distribution
functionsGi(z) = exp(-(z/4) ), we have:
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Y1 it does not, we are at a valuemfwhere neither; nor Z vary withw, so the derivative of one with
respect to the other is not well defined.
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where | have used the substitution z°C in the second line. Consequently:
@9 &=(dz/dm)(75/2)=~1/6

Thus, for independent draws from fréchet distriimsi is a constant, a function of the
distribution’s dispersion parameter.
It is not difficult to find distributions with diérent characteristics. Thuszf andzs are

independent draws from exponential distributionthwliensitiesliexp(-z4;), allowing
w=wA; /w;A we have:
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sSo0& once varies between 0 and -leagoes from 0 teo or, equivalentlyz; goes from O to 1. In
this cas€ is a function of sectoral size alone. The logamardistribution provides an
interesting third example. With independent prdhity draws with In meang; and (for
simplicity) common standard deviatienwe have’

Proven by applying corollary 2.2b and theorem 2.6. ditchison and J.A.C. Brown, The LogNormal
Distribution with special reference to its useg@onomicsCambridge: Cambridge University Press, 1957.
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whereN() is the cumulative standard normal afad= In(wi/wg) + wi- 1. Holding constant the
size of each sector (i.& /0 ), asc goes from 0 teo & goes from 0 to -1 in both sectors.

(b): Equality of mean sectoral wages with differentriisttions.

In the case of independent draws from fréchetidigions, equilibrium wages per worker
equalize across sectors. Using (a4) earlier:
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which is independent of i. This is not a genelaracteristic of this type of model. For example,
for the case wher e the productivities are indepahdraws from the exponential distribution, we
use (a6) and see:
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(c): Independence of the paired productivity draws = zg(2)/G(2), the elasticity of the
distribution function generating the draws, declninz are, together, sufficient
conditions fordz /dn, <0 and¢ < 0, i.e. for average labour efficacy to be deotinin a
sector's share of total employment.

Equation (al) above gives the formulaszfandz; for a general joint distribution
functiong;;(z,z) determining the paired productivity dravzsZ). (al) also notes that these are
functions of the endogenous variable= wi/w;. From this we see that:
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whereN(w) is defined earlier in (al). AdN/dw divided bydri/dw equalsdN/dz;, which is the
quality of the marginal worker, we see intuitivéihat the condition we are looking for is that the
quality of the marginal worker entering the indys# less than that of the average worker.
Substituting using the formulas in (al) we have
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and where | have redefined the terms in [] as tfierdnce between the expectation of two
random variables with cumulative density functiéné) andFy(x). As is well known, ifF4(X) >
Fo(X) for all x, thenE(a) < E(b).2 Note thaf4(x) is the same a8,(x) except for the weighting
functiony. If z andz are independent, thenbecomes

z9,(2)
G.(2)

J
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which is the elasticity of the distribution funatio If this is non-increasing in its argument, then
Fa(x) > Fp(x) for all x* andE(a) < E(b). Strict inequality follows if; is strictly decreasing.

Note that this is a sufficient but not necessarydaion, asE(a) < E(b) does not implyFa(x) >
Fp(x) for all x.

*As 7t (dx = [ f ([ 1dtdx = [ [ £ (x)dxdt = [ [1- F (0)]dt.

“Note thatF,(x) = A/(A+1) andF,(x) = B/(B+1) where
[ nwz)hz )z, n()[ h(z)dz [ h(z)dz,
A== P = ===
[ mwz)h(z)dz 79[ h(z)dz [ h(z)dz

*Thus, for uniform distributions on [a,b], wherés a constant if a = @iz / d7, = Ofor some values ab.

=B and h(z) = 9,(z)G;;(wz | 7).



Figure A1: Mecessity for Additional Restrictions

Figure Al prowdes some intuition as to on the Curmulative Distribution Function

why independence alone is not sufficient to
guarante& < 0 and an additional condition on

z9(2)/G(2), such as that specified above, is 4y \W'fw' e
needed. Individual talent is distributed across THDJEQEFT (m?,uwl=m1)
the(z,z) space depicted in the diagram. The 7= Wiz
ray z = wiz/w; determines the division between .:wrwizmu;.
sectors, with workers wit{z,z) draws above Gz
the ray working in industry j and those with
draws below the ray working in sector i. GilaZ)  working in

industry i

Initially, workers below raﬁé\work in

0 -
industry i, but asv/w; rises fromwg to w; &

workers in the region encompassed by the r?&sanda?;shift to the sector. The average
quality of pre-existing sector i workers dependsiwy weighted integral of the joint density in
the area belowDA , while the quality of marginal workers dependsmphez weighted integral
of the joint density in the area betwe@h andOB. Even ifz andz are independent, it is
possible for the marginal worker to be of highealiy if the ratio [Gj(w1z)- Gj(woz)]/ Gj(woz)
(the relative cumulative density for thedraws) rises witlz; in some regions, i.e. more relative
weight is placed on higher valueszpin the marginal worker integral. Thinking @f/wo as the
same relative change applied for eaclavoiding this everywhere amounts to an elasticity
restriction onG;. The condition is sufficient, but not necessaggduse it is possible for
[Gi(@12)- Gj(woz)]/ Gj(woz) to be rising in some areas and falling elsewhetey&t, depending
upon the distribution of, for the average quality of the marginal workestiti be lower than
that of pre-existing workers.

(d): The range of prices supported by the supply cimtiee standard Cobb-Douglas model with
unequal sectoral factor intensities (footnote mititroduction).

For the standard Cobb-Douglas model with homogetetaour and production functions
Q =AK" Lil_”i , the first order conditions for the optimal usdaifour and capital imply:

() w=P@-a)A(K,/L)" and r=Pa,A(K,/L)""

wherew is the wage andthe rental. From this it follows that
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The last equality simply notes that if the facteeame shares are identical, the standard model
yields a horizontal Baumol supply curve.

Focusing on the first equality in (d3), we see thatding constant the productivitiégs
andA, the equilibrium variation in relative prices dagds upon the equilibrium variation wi'r.
The question is what range of variationifr is possible given constant total factor produtgei
and a constant endowment of capital and labout.séetor j be the sector with the higher capital
intensity ¢; > «;), and note that in equilibrium it must be the ctseK;/L; > K/L > Ki/L;, i.e. the
economy-wide capital-labour ratio must lie betwdentwo sectoral capital-labour ratios. From
(d2) this implies
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Since the economy-wide capital labour ratio iswieeghted average of the sectoral capital labour
ratios (with weights equal to their employment gisgraswv/r moves to its lower bound the

output of sector i goes to 0, while as it reackespper bound the output of sector j goes to zero.
Consequently, as/r moves from its lower to its upper bound the rebutputQ/Q; goes from

0 too. This traces out the supply curve. Combining @&l (d4) we see that the relative price
change associated with this movement is:

Pi max PI min ) ) 1_ai l_aj
e[z /(5] Jre-anliin

In the BLS KLEMS 1987 to 2010 database the aveamgeial capital income shares of value

added for aggregate goods and services@re.35 anths = .32, respectively. Plugging these
numbers into (d5), we get a variation in the lratigke price of goods to services from the bottom
to the top of the supply curve of .03*In(119/104)0840, i.e. 4/10ths of one percent. For all



intents and purposes, this is a horizontal supplye Thus, operating as if goods and services
share the same factor income share provides acl@syg approximation to the actual relative
supply curve generated by their differing factdeirsities.

Appendix B: Labour Quality Measures for the BLS KLEMS

As noted in the text, the BLS KLEMS total factoo@uctivity estimates do not
differentiate by worker type. For its aggregategte business and private non-farm business
TFP measures, however, the BLS constructs meastidegerentiated labour input using March
Supplement Current Population Survey (CPS) datanstruct measures of differentiated labour
input and then adjusting the hours totals to m@irent Employment Statistics (CES). | use a
similar methodology to construct differentiateddabmeasures for the 60 private sectors in the
KLEMS and the government sector.

The first difficulty one encounters lies in matofpithe industrial sector definitions of the
CPS and the KLEMS. From 2003 to 2010, the CPSwks#a aggregations of the categories in
the 2002 NAICS (North American Industry ClassifioatSystem), which are a close match to
the NAICS categories used in the 60 sector KLEM8e only exceptions are NAICS 523
(securities, commodity contracts and investmemd)%25 (funds, trusts and other financial
vehicles), which are separate in the KLEMS but ciowdb in the CPS data. | assume that the
distribution of workers by type within the two sext is the same as in the combined CPS sector.
Pre-2003 data, however, are based upon the 1980,dtl 1987 SIC (Standard Industrial
Classification) codes. While the differences betwene SIC and another are minor, and easily
reconciled by renumbering and combining a few tldesub-categories, the differences between
the SIC and the NAICS appear more substantial.

The BLS and | address the issue of changing sadefinitions in labour statistics using
2000-2002 CPS data. In the 2000, 2001 and 206tides of the CPS, industry and occupation
data were collected using both the old and newsifleation systems. In its published labour
statistics, the BLS uses the cross-distributioaraployment between old industry and new
industry in the dual coded data to convert thedaith series to the new industrial definitions
(http://www.bls.gov/cps/constio198399.htm). | &Ml a similar methodology, except that | use
the cross distribution from old system industrycewpation categories to new industry.
However, there are hundreds of industry and oceupaategories, so not every industry x
occupation cross-classification present in the 12@J2 data appears in the 2000-2002 sample.
For those missing observations, | use higher levetégygregation, using first the old system



industry x detailed (46 categories) occupation sxdassification, then the old system industry x
major (14 categories) occupation cross-classificatand, when all else fails, for a handful of
observations, simply the old system industry to sgstem industry distribution.

The second problem that arises is that of zerososs-classify workers by 61 sectors (60
private plus public administration), 2 sexes, 6 @geips, 5 educational categories, and 24 years.
Given the limited samples in the CPS, this ineVtalpeates lots of zeros. Zeros are a serious
problem, as total factor productivity calculationgolve calculating In changes. | address this
issue by using iterative proportional fittinp estimate the full five-dimensional cross
distribution using sub-dimensional totals. Iteratproportional fitting fits a model that assumes
independence at higher dimensions. To illustrate the three dimensional example where X is
cross classified by i, j and k, one can use themes X, Xj, and X totals to produce estimates
>A<i,-k which are In-linearly related to implicit intergat factorsh;j, Ay, andi, with no
interactions at the i x j x k level. By using sdisrensional totals to estimate the full array, one
eliminates the zeros in the detailed cross-clasgiins. For my estimates of wages per hour,
where the samples are particularly sparse as tlheaga not available for all workers, I use all of
the two dimensional cross-classifications to edtintlae five dimensional array. | calculate total
hours and total income for each two-dimensionalaudy, iteratively proportional fit the entire
five dimensional array, and then take ratios ofsa®l calculate wages per hour. For my worker
and hours data, the samples are larger. | begdehying 12 major sector aggregations (the
principal sectors, with manufacturing sub-dividatbidurables and non-durables) for the 61
detailed sectors. | then iteratively proportiopdit the five dimensional array using every
available three dimensional array based upon niaglustry classification and every two
dimensional array based upon detailed industnsifleation® The use of major industry
aggregations allows me to include interactionsgtidr dimensions without introducing zeros
into cells, while the detailed industry two dimewsal arrays retain the information on cross-
distributions at that level.

®The age categories are 15-24, 25-34, 35-44, 45584, and 65+; the educational categories aretfess
high school, completed high school, some collegmpieted college, and more than college; the yaar4987-
2010.

"See Agresti, Alan._Categorical Data Analysiéew York: John Wiley and Sons, 1990.

®Thus, allowing D to denote detailed industry, M atdpdustry, S sex, A age, E education and Y year,
use the sub-dimensional arrays DS, DA, DE, DY, MBISE, MSY, MAE, MAY, MEY, SAE, SAY, SEY, and
AEY. In iterative proportional fitting, one cangrggate a dimension into sub-categories. As landpat sub-
category contains additional cross-distributionss not redundant (i.e. MS is redundant given B&,MSA is not)
and provides an additional interaction factor.



To summarize my procedure, | begin by using tHg022002 CPS SIC industry x
occupation to NAICS industry population distributito convert 1987-2002 industry data to 2002
NAICS definitions. | then use the CPS March Supmst individual weights and aggregate to
the 60 KLEMS sectors plus the government sectdreal as a "worker" anyone who reports
more than zero hrs of work in the previous weetheh adjust the population totals and hours of
work totals by year x industry to match the BLSraates of workers and hours by year x
industry and iteratively proportionally fit workers andabhours to calculate workers and hours
by industry x sex x age x education x year. Fogeggper hour, | take all individuals for which
the BLS is able to calculate a wage per hour (baped the direct report or data on "usual
hours"), aggregate into 61 sectors using the CR&g#e adjust hours totals by industry using the
BLS CES data, and then iteratively proportionaillydtal earnings and hours, taking the ratio of
the two five dimensional arrays to calculate waggshour. The combination of hours and
wages per hour then allow me to calculate sub-fastmme shares by industr@{i in the paper)
and the data on hours per worker allow me to cateulornqvist measures of the growth of
labour quality by sector which are comparable tséthe BLS calculates for the aggregate
private sector:

(Bl) z[ell_n +@L|t 1J| [;IJ] j_( Lit +2@L|t 1j|n£:it J

whereH/ denotes total hours of worker type j in industaf time t andH,, denotes total hours
in sector i at time t. The measures are addedetgtowth of labour input and subtracted from

the growth of total factor productivity in the Bldata. The data on the distribution of the
population by worker characteristic then allow mealculate weighted and unweighted
Torngvist measures of the changing shares of ttmulaforce:

(BZ) Z Oll_n L|t—1 |n 77;{ and (OLit-'_eLit—l)ln ni-t
ni-{—l 2 Tl

where 77 denotes the share of the aggregate working papnlaf type j in industry i at time t

and 77, denotes the share of the aggregate working popnlat sector i at time t. These

*The KLEMS TFP database only contains indices of$iolitake levels of hours and workers from the
Industry Employment and Hours Data Tables of th& Bbour productivity database. These are nattstri
consistent with the hours indices of the BLS KLEM&l factor productivity database. However, I use these
totals to change the measure of the growth of tatadur input (hours) in the KLEMS database calooites, but only
to calculate distributions of workers by charastiej as shown shortly in (B1) and (B2).



measures are used as the instrumented dependiiiiean Section 1l. Since everything is
benchmarked to the BLS totals, thgand 77, measures are simply the original BLS data and are
consistent with the totals of ] and 7z across j. The two measures in (B2) are differeut,

highly correlated, with a correlation coefficierit.817.

Appendix C: Existing Micro-Data Estimates (McLaugHin & Bils 2001)

McLaughlin & Bils (2001, tables 4 and 5) using BSlata from 1979 to 1992 report that
the average In wage of industry leavers relativetagers in industries with contracting
employment shares and industry entrants relatigaygers (continuing workers) in industries
with expanding employment shares is about -16 dpdrcent without adjustment for worker
characteristics and -6 or -7 percent with adjustnfi@nworker characteristics. These estimates
might lead one to conclude that comparative adggisindeed aligned with absolute
advantage, but that Roy worker efficacy effectsratieer small. In this appendix | show that the
data examined by McLaughlin & Bils have little to @ith the expansion and contraction of
industries and are mostly related to a form of tamg” whereby workers simultaneously exit
and enter industries.

| work with the annual 1971-19¥%ecords of the PSID, using both the low income
sample and the census based representative sdoqoising on the industry of employment of
household heads. | use two industrial classificeti (a) 9 aggregate sectors, a measure which
should eliminate spurious industry shifts broudhaut by minor errors and misclassifications;
(b) 24 sectors, which is the greatest detail |aameve while keeping industry definitions
relatively consistent across the years, and isairto the detail used by McLaughlin & BftS.
For a given industry i, examined in period t, waekare classified as stayers if they were in the
same industry i in period t-1, entrants if they eviar a different industry j in period t-1, and
leavers if they worked in industry i in period bit work in industry j in period t. To be in the
sample a worker needs to both report industry gileyment and allow the calculation of In

Prior to 1971 industry is not reported; after 188¢ PSID moves to a biannual framework and heree th
calculation of movers and stayers is not comparable

M9 sectors: 1 agriculture, forestry & fishing; 2ninig; 3 manufacturing; 4 construction; 5 transport,
communications & utilities; 6 wholesale & retaitte; 7 finance, insurance and real estate; 8 gtrgices (except
gov't); and 9 government & armed forces. 24 sectdragriculture, forestry & fishing; 2 miningn3etal industries;
4 machinery (inc. electrical); 5 motor vehicles ger transportation equipment; 6 food & kindreddurds (inc.
tobacco); 7 textile mill products, apparel & otlfiricated textile products, plus shoes; 8 papetli&d products; 9
chemical & allied products, petroleum & coal protdy@nd rubber & misc. plastic products; 10 prigté
publishing; 11 other manufacturing; 12 constructib® transportation; 14 communication; 15 publititids; 16
wholesale trade; 17 retail trade; 18 finance, iasge and real estate; 19 business services; 20na¢services; 21
health; 22 education; 23 other services (exceptly@4 government & armed forces.
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Table C-1: Entry, Exit and Sectoral Growth in BID (observations are industry x year)

Representative & Low Income Sample

Represent&araple Alone

7 Private Sectors 22 Private Sectors 7 PrivateoBec| 22 Private Sectorg
Rates In Rates Rates In Raqes Rates In Rates RatksRates
Correlation Between Entry and Exit Rates
General .675 717 .842 .759 565 577 747 .664
(p-value) (.000) (.000) (.000) (.000) (.000) (.000) (.000) (.000)
Partial .282 167 .302 .128 224 118 229 .106
(p-value) (.000) (.025) (.000) (.002) (.002) (.114) (.000) (.012)
N 182 181 572 571 182 180 572 564
Regression on Change in Industry Employment Sheith (ndustry & year dummies)
> A .165 1.07 217 1.11 175 .828 237 .751
E (s.e) (.099) (.506) (.085) (.410) (.132) (.711) (.1112) (.544)
N 182 182 572 572 182 182 572 567
- A .061 .094 .025 -.077 -.125 -.545 .017 -.245
'L>L,_< (s.e) (.099) (.507) (.081) (.415) (.125) (.706) (.105) (.569)
N 182 181 572 571 182 181 572 569

Notes: N = number of industry x year observaioAn occasional observation is lost when takivegin of a zero
entry or exit rate. Partial correlation = corriatof residuals from regression on industry anaryRimmies.
Regressions = regression of entry or exit ratemdustry & year dummies and the change in the sbfanen-

agricultural employmentAft;).

wage per hour in consecutive years. This elimgat&known industry and workers who were

completely out of employment in one year or theeothEvery worker who is an entrant in
industry i in period t is a leaver from some indy$tin period t-1. Although | use all 9 or 24
sectors to categorize workers, | focus on entryfextes in the 7 or 22 private non-agricultural

sectors? Overall | have about 61500 individual x year akagons (a little over half in

representative sample households) in these indastith about 15% of these being entrants or
leavers according to the broad sectoral definitems 23% according to the narrow sectoral

definitions.

| begin by reporting, in the top panel of Tabld GOhe correlation between the sample

fractions, at the industry x year level, of entsafiih entrants and stayers) and leavers (in leavers

and stayers). As shown, there is a very strongipesorrelation between the fraction of the

!2 relate these rates to the BLS Current EmploynSatistics based historical SIC measures of
employment, which exclude agriculture, while theu® on private sector activity is consistent with measures
examined earlier in the paper.
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sample that enters an industry between periodndlt and the fraction that leaves the same
industry between the same two periods. This hioldswhether the measures are in levels or in
Ins, using both the low income and representatwepte or just the representative sample alone.
The partial correlation of the entry and exit raedfter removing industry and year fixed effects,
is weaker but still generally highly significanin contrast, in the bottom panel of the table |
report the regression of the industry entry and rates on the change in the sector’s share of
non-agricultural employment, with industry and yésed effects. As shown, the regression
coefficients are almost universally insignificatfie only exception being entry rates for the 22
industry measure, and this result largely disappedwen the sample is restricted to PSID
representative households alone.

Table C-2 follows the McLaughlin & Bils methodolpgexamining the average relative
In wages of different groups. Without adjustmemtwWorker characteristics, the wages of
entrants or leavers are found to be between 11l@mercent lower than those of stayers (first
four columns). With adjustment for worker charaistecs (last four columns), these mean
differences are greatly reduced and, in many casedered statistically insignificant. Moreover,
in all cases the vast majority of the estimatesuhderlie the calculation of these averages are
insignificant. Thus, for example, while the relatwages of entrants to stayers in expanding
sectors are on average 3.1 percent (7 sectors) @ePcent (22 sectors) lower among the
representative PSID sample, only about T/a@fthe industry x year differences that undetie t
calculation of these means are, by themselvesstitatly significant at the 5% level. Unlike
McLaughlin & Bils, Table C-2 reports relative wagasdoth expanding and contracting sectors
for all measures. As shown, while the relative @sagf entrants are lower than stayers in
expanding industries, the difference is, generalygn larger irtontracting industries.

Similarly, while the relative wages of leavers knwer than stayers in contracting industries, the
difference is generally almost as largestpanding industries. These results completely
undermine the interpretation of these wage diffeesras reflecting the relative efficacy of
entrants in expanding industries and leavers intraoting industries.

In sum, changes of industrial sector in the PSipear to reflect a form of “churning”,
whereby both entry and exit simultaneously occuhiviindustries. It is not hard to motivate
such movement, either with models of creative desitn within sectors or with a more general
idiosyncratic destruction of existing jobs and agpace of new opportunities. Workers with
systematically lower human capital appear to pldisproportionate role in this churning, as
adjustment for observable characteristics elimmatest of the relative wage differences. While
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Table C-2: Mean Wage Differences Between Industriyants or Leavers vs. Stayers in the PSID

Average In Wages Differences Adjusted for Workbaf2cteristics

7 Private Sectors 22 Private Sectofs 7 PrivateoB8ec| 22 Private Sectorg

i 1 Tt | e 1 Tt | i T Tt |, e 1 Tt |,

Entrants vs. Stayers (representative & low incoi@bPsample)

Mean Dif. | -141 | -189 | -128 | -161 | -031 | -065 | -033 | -.050
(s.e) (014) | (.014) | (010) | (.010) | (.009) | (.010) | (.007) | (.007)
Significant/N| 27/90 | 44/92 | 65/241 | 84/331 | 12/90 | 25/92 | 25/241 | 41/331

Leavers vs. Stayers (representative & low incom@®RBample)

Mean Dif. | -.144 | -164 | -128 | -134 | -012 | -032 | -008 | -.019
(s.e) (014) | (.015) | (011) | (010) | (.010) | (.011) | (.008) | (.007)
Significant/N| 25/92 | 32/89 | 53/243 | 68/328 | 7/92 6/89 | 21/243 | 12/328

Entrants vs. Stayers (representative PSID sample)

Mean Dif. -.140 -154 | -118 | -.117 031 | -059 | -.029 | -.022
(s.e) (019) | (.019) | (.014) | (.014) | (.012) | (.014) | (.009) | (.010)
Significant/N | 18/90 | 34/91 | 34/241 | 59/326 | 10/90 | 20/91 | 22/241| 35/326

Leavers vs. Stayers (representative PSID sample)

Mean Dif. -120 -162 | -108 | -.112 -007 | -045 | -.004 | -.008
(s.e) (019) | (.019) | (.015) | (.014) | (.014) | (013) | (.010) | (.011)
Significant/N | 11/92 | 28/89 | 29/242 | 50/327 | 7/92 9/89 | 21/242| 28/327

Notes: Observations are industry x year measefrevage differences.  Adjusted for Worker Cheeastics = the
coefficients on entrant (or leaver) yearly dummiemdustry level regressions with controls for sege, age2, race
(African-American), education (8 categories) andrygummies), with random effects for PSID indivatki m;; 1
(my |): observations in industries whose share of tgbloyment increased (decreased) in that year.nNbifa
mean year X industry difference for observatiorthwyi 1 orm;; |; s.e. = standard error of the mean difference; N
number of industry x year observations; Significamumber of such observations which are, indivilgua
significantly different from 0 at the 5% level.

these facts are interesting in and of themselhey, provide little insight into the impact of the
expansion or contraction of industry employmentat@n average worker efficacy.
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